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Strategies for Managing and Engaging Students in Large Enrollment
Engineering Courses

This paper is an evidence-based practice full paper on managing and engaging students in large-
enrollment engineering courses.

Introduction

Large enrollment engineering courses present great challenges for both instructors and students
in STEM programs. Previous research has shown that as class size increases, students in large
classes often feel difficulty maintaining attention during the lecture or receiving timely feedback
[1], [2]. Studies on instructional improvement suggest several practices that can help students
learn more efficiently in large classes. These include short in-class activities connected to
assessments, clear grading rules, and regular feedback throughout the semester [3]-[5]. These
motivate us to examine how teaching models for large classes can be improved, and whether
effective strategies can be identified from prior teaching experience to support student learning.
We conducted our study in real classrooms to examine the alignment between instructional
strategies and students’ expectations in individual engineering courses, each enrolling between
80 and 550 students per semester, at a large public research university. These were standalone
undergraduate or graduate engineering courses taught by a single instructor. Through faculty
interviews and semester-long student surveys, we analyze instructional strategies related to
engagement, grading, TA coordination, technology use, and student support. Our goal is to
identify practical teaching approaches and pre-class preparation strategies that instructors can
implement without extensive additional workload, and to synthesize these findings into a
structured framework for large-enrollment engineering courses.

Background and Motivation

Although several validated teaching methods can increase student engagement, the rapid spread
of educational platforms, digital tools, and artificial intelligence has created new challenges for
large STEM classes. Instructors must decide which tools to adopt and how to integrate them
effectively, yet research on tool integration and instructor acceptance in authentic STEM settings
remains limited. Prior work has explored different ways to evaluate the use of technology in
STEM courses. For example, Nguyen et al. used a mixed method design to study how a learning
analytics dashboard supported student progress in an engineering course [6]. Krause and Waters
examined how clicker-based activities influenced engagement in large engineering classes [7].
To understand how students use educational tools, Henderson et al. suggested collecting both
behavioral data and student self-reports to capture patterns of tool implementation and
difficulties to use [8].

Students from different majors often enter required engineering courses with varied academic
preparation, increasing instructional and assessment complexity in large classes [9]. Identifying
teaching strategies that are broadly accepted across departments is therefore important for
improving consistency and effectiveness in large STEM courses.



Assessment Framework Goals

This paper presents interview data and systematic analysis from 12 senior engineering faculty
who have taught large classes (e.g., classes with 80 or more students enrolled), along with pre-
and post-semester student survey results collected in Spring 2025 from a large undergraduate
Electrical and Computer Engineering (ECE) course (n > 50). The goal is to develop a
sustainable, community-informed framework to support student engagement and reduce faculty
workload in large-enrollment engineering courses.

The study examines alignment between faculty-reported instructional intentions and student-
reported expectations and experiences within shared instructional domains. Faculty participants
were selected from multiple engineering majors to ensure balanced perspectives. Student surveys
were administered at the beginning and end of the semester to capture changes over time. A
unified interview protocol was used to ensure consistency across faculty interviews. Student
participation was voluntary to protect privacy and encourage open feedback. The framework
draws on prior work in active learning and instructional models for large classrooms. The
evaluation focuses on whether student expectations are met and on identifying gaps that may not
be recognized by instructors.

The paper includes three components: (1) analysis of faculty interviews, (2) comparison of pre-
and post-semester student survey results, and (3) synthesis of alignment gaps with practical
strategies transferable to other large engineering courses.

Study Design and Theoretical Framework

Improving teaching in large-enrollment engineering courses requires alignment among
instructional goals, learning activities, assessments, and feedback structures [10], [11]. This
study draws on established learning theories as analytical lenses while also recognizing their
limitations in large-enrollment engineering course. Constructive alignment theory emphasizes
coherence among intended learning outcomes, teaching activities, and assessment criteria, so that
students focus on meaningful learning rather than grade-driven strategies [12], [13]. In large
courses, maintaining this coherence is difficult due to scale, diverse student backgrounds, and
multiple teaching assistants. Prior research shows that weak connections between activities and
assessments can reduce students’ perceptions of fairness and engagement [14]. Thus,
understanding how students interpret the purpose of in-class activities is central to this study.

Expectancy—value theory suggests that students invest effort when they believe they can succeed
and when activities connect clearly to valued outcomes such as exam performance [15].
However, students in large courses often report uncertainty about workload [16], which can
lower motivation even when active learning strategies are used [5], [17]. Accordingly, this study
examines student expectations through a pre-semester survey and evaluates alignment with
instructional practices using a post-semester survey. The research design was further informed
by feedback and self-regulated learning theories, which indicate that delayed feedback in large
classes can hinder early identification of learning gaps [18], [19], [20]. Formative feedback
research highlights the role of timely, structured feedback in supporting motivation and
adjustment of learning strategies [21].



Specifically, constructive alignment informed faculty interview questions on alignment among
objectives, activities, and assessments. Expectancy—value theory guided student survey items on
grading transparency and activity purpose. Feedback and self-regulated learning theory shaped
items related to feedback timing, clarity, and opportunities for adjustment.

Research Methodology
Participants and Context

This study was conducted at a large public research university in the United States and included
two participant groups: STEM faculty instructors and students enrolled in one large-enrollment
undergraduate ECE course.

A large-enrollment course was defined as one with 80 or more students registered in a single
semester. Enrollment figures refer to the total number of students across all sections and delivery
formats within that semester. Across courses represented in faculty interviews, enrollments
ranged from approximately 80 to over 500 students. In cases exceeding 500 students, this
reflected coordinated multi-section offerings supported by structured instructional teams,
typically consisting of a lead instructor and teaching assistants.

Faculty participants were professors from multiple STEM departments, including ECE, computer
science, and related engineering fields. Instructors were considered experienced if they had
taught at least two offerings of a course enrolling 80 or more students or had multiple years of
experience in high-enrollment settings. Most faculty had between 5 and 30 years of teaching
experience, and several had delivered the same large course more than 10 times. Interviews were
conducted individually and reflected cross-course teaching perspectives. Table 1 summarizes
structural characteristics of the courses represented.

Table 1. Faculi Particiiants and Course Context

Academic disciplines Engineering and related STEM fields

Course levels Undergraduate, graduate, and mixed-level courses
Typical enrollment range Approximately 80—-550 students per course

Instructional formats In-person, hybrid, and online

Course role Core or required courses; high-enrollment electives
Teaching team structure Single instructor with undergraduate and/or graduate TAs

Approximately 1:40 to 1:100, depending on course and
assessment model
Auto-graded assignments, rubric-based grading, and mixed

TA-—student ratios

Primary assessment models

approaches
Common instructional Learning management systems (LMS), auto-grading platforms,
technologies lecture recording, online discussion forums

TA office hours, tutoring centers, counseling services, early
outreach mechanisms

Student participants were drawn from one large-enrollment undergraduate ECE course offered in
Fall 2025. While faculty perspectives reflected multiple disciplines and course sizes, the student

Student support resources




survey component was implemented within this single course over one semester. The surveyed
course enrolled students from multiple ECE tracks, including electrical engineering and
computer engineering pathways, and included some students with computing-focused interests.
The course was primarily taken by upper-division undergraduates, although detailed distributions
by academic year were not collected to preserve anonymity.

Faculty Interviews

To examine alignment between faculty instructional strategies and student experiences in large-
enrollment engineering courses, Phase 1 focused on instructors’ perspectives on teaching high-
enrollment classes and related constraints. We conducted semi-structured interviews with faculty
who had prior experience teaching courses enrolling 80 to 550 students. These courses were
primarily undergraduate core or cross-listed undergraduate/graduate offerings. Small graduate
seminars were not included in the high-enrollment analysis. Courses were delivered in in-person,
hybrid, and online formats.

Interview questions were informed by prior research on large-class instruction and active
learning and organized into six instructional domains: classroom engagement, grading
transparency, feedback and turnaround time, TA coordination, technology and infrastructure use,
and student support and well-being. Instructors described how they adjusted strategies across
class sizes, coordinated TA teams, and balanced instructional efficiency with student support.

Faculty participants were recruited by email. A detailed protocol was shared in advance, and
interviews were scheduled individually, typically lasting about 1 hour. 12 faculty members from
engineering programs within the department participated. All interviews were conducted via
Zoom and audio recorded with participant consent under prior Institutional Review Board (IRB)
approval (Approval No. 28278).

After each interview, a graduate researcher with CITI certification prepared a structured
summary. Responses were organized by mapping each interview question to the corresponding
faculty response to maintain alignment with the six predefined domains. These domains served
as the initial coding framework for analysis. The interviewer reviewed the audio recordings
alongside the summaries to verify completeness and accuracy. Any discrepancies were clarified
during this verification process. Finalized summaries were anonymized prior to analysis, and an
organized documentation trail of interview materials was maintained to support transparency and
consistency.

Student Surveys

Survey items were developed to parallel the instructional domains identified in faculty interviews
and were grounded in the same theoretical constructs. This alignment ensured that the survey
questions captured the same dimensions explored in the interviews, allowing direct comparison
between instructor intentions and student experiences. Pre- and post-semester surveys were
administered to the same students, with the pre-survey distributed during the first weeks of class
and the post-survey at the end of the semester. This paired design supported within-course



comparisons over time and enabled analysis of alignment gaps in large enrollment engineering
courses.

The surveys included Likert-scale items, multiple-choice questions, and short open-ended
responses. Likert-scale items measured perceptions of grading clarity, feedback timeliness,
engagement effectiveness, TA consistency, and workload stress. Multiple-choice items captured
specific experiences, such as preferred feedback formats and sources of academic support. Open-
ended prompts allowed students to explain challenges or highlight factors affecting motivation
and stress. This mixed-format design enabled both quantitative comparison and qualitative
contextual interpretation.

The study received IRB approval. Participation was voluntary for both faculty and students, with
informed consent and no impact on course grades. Surveys were administered during a brief in-
class break via an anonymous QR code to reduce response pressure and protect privacy, while
minimizing disruption to normal course activities.

Data Analysis and Alignment Procedure

Alignment in this study refers to the consistency between faculty-reported instructional
intentions within each instructional domain and aggregated student expectations and end-of-
semester perceptions in that same domain. The predefined domains included classroom
engagement, grading transparency, feedback timing, TA coordination, technology use, and
student support.

Faculty interviews were organized by these domains according to the interview protocol.
Interviews were documented using structured notes and summarized by domain. From these
summaries, faculty intentions and reported implementation practices were extracted to represent
the instructor design perspective for comparison. The study did not apply statistical testing.
Alignment was assessed through structured domain-level comparison. Student survey items were
designed to correspond to the same domains. Pre-semester responses captured baseline
expectations, while post-semester responses reflected end-of-course perceptions. Survey results
were analyzed at the aggregate level to identify recurring response patterns.

Alignment classification followed a predefined rule-based framework. A domain was considered
aligned when student responses generally reflected faculty intentions and expectations were
perceived as met; partially aligned when feedback indicated mixed experiences or remaining
concerns; and misaligned when student responses suggested unmet expectations or perceptions
inconsistent with faculty assumptions.

Open-ended survey responses were analyzed using a confirmatory domain-based coding
approach aligned with the predefined instructional domains. Responses were grouped into
recurring thematic categories within each domain. Because the qualitative component aimed to
support domain-level interpretation, coding followed a structured confirmatory framework.

Coding and classification were conducted by the primary researcher to maintain consistency
across domains. To enhance interpretive stability, a subset of responses was re-examined after



initial categorization to verify category definitions and ensure that no new substantial themes
emerged. This iterative review served as an internal consistency check to reduce classification

drift.

Results and Discussion

Faculty Interview Results

Faculty participants represented courses ranging from approximately 80 to over 500 students,
across lecture-based and hybrid formats. We examined whether reported challenges differed by
course scale or delivery mode. Instructors teaching courses with 80—150 students described
greater flexibility in using discussion-based or interactive activities. In contrast, those teaching
courses with enrollments above 300 students emphasized scalability, automation, and structured
TA coordination as primary operational concerns.

Despite these differences, several themes were consistent across contexts. Faculty at all
enrollment levels stressed the need to align engagement activities with assessment, ensure
grading consistency across TAs, and provide early, structured feedback. While logistical
solutions varied by scale and format, the underlying alignment challenges were conceptually
similar. These patterns are summarized in Table 2.

Table 2: Reported Strategies, Pain Points, and Su

Micro-lectures with
pauses; polling and think—

Attention drops after
15-20 min; uneven
participation; limited

ort Needs in Large-Enrollment Courses

Engagement templates
for large lectures;

gl::{gicgonal pair—share; scaffolded scalability of discipline-specific
D projects; blank-space slides | discussions; examples; guidance

and guided derivations; attendance decline in | on scale-appropriate

real-world examples flipped/recorded active learning

formats

Automated Hanfl grading not' Accegs to auto-

quizzes/homework: rubric- .fea51bl.e; TA grading grad}ng tools; shared
Asses§ment & based TA grading: reduced inconsistency; rub'ncs;'TA o
Grading subjectivity: staged project delayed feedback; cah“bratmn training;

checkpoin ts" peer review a§sessment security policy support fo.r

’ risks assessment redesign

Early alerts from ;;22:;;?03 priot Early-risk analytics;
Student homev.vork/mglterms; unnoticed a’cademic coord.mated )
S & progctlve emall outreqch; decline: fairness vs gdﬁsm.g/tutorlng;
Equity optlgnal review materials; ﬂexibili ty tension: 1ns.t1tu§1onal

flexible deadlines; staged limited capacity f(’)r guidelines for

interventions equitable flexibility

follow-up




Learning Management gfntf)il_zﬁi/g?n d
System (LMS) as hub; Tool fragmentation; PPOTE, .
Technology . ] ] ] ; grading integration;
polling tools; forums; setup burden; learning .
Use oo _ . sustained support for
lecture capture; coding curves; tech failures .
latforms high-enrollment
P courses
Teaching Defined TA roles: lead-TA High coordination Adequate TA ratios;
Assistant models; weekly meetings; load§ uneYen TA .. formal .T.A training;
Coordination | shared rubrics/docs readiness; supervision | recognition of
burden coordination workload
. .| Stress from clustered Allgqed' workload
Student Well- Reminders and check-ins; deadlines: hard to policies; stronger
beine & extension tokens; workload detect me’n tal health campus support links;
g calibration; counseling . o faculty guidance on
Workload 1Ssues; rigor— ;
referrals ; trauma-informed
compassion balance .
teaching
Institutional Faculty learning g%ifj:fgg;f; t- Redesign support
& communities; teaching- limited time- lowy, structures; material
Professional center consultation; shared recoenition 6 f larce- repositories; formal
Support materials; small grants & . & workload recognition
class teaching

Faculty reported that active-learning strategies were effective only when their instructional
purpose was explicit and directly connected to graded components. For example, tools such as
live polling or online discussion platforms supported engagement when clearly tied to homework
or exams, but participation declined when framed as optional. Project-based components were
viewed positively when they replaced high-stakes exams but were less effective when simply
added on top of traditional assessments.

Across courses, instructors relied on coordinated TA teams and centralized platforms to manage
scale. Learning management systems were used for distributing materials and hosting auto-
graded quizzes, while polling tools supported in-class response collection. Recording systems
enabled review and hybrid access but were not sufficient to maintain engagement on their own.
Asynchronous discussion platforms and automated grading tools reduced repetitive
communication and grading load, but faculty emphasized that these systems required clearly
defined TA roles and regular coordination meetings to function effectively. Institutional tutoring
services were described as additional support for students with prerequisite gaps.

Overall, interviews suggest that tool selection alone does not determine instructional
effectiveness in large-enrollment courses. Differences in course size and format influenced
implementation strategies, but successful practice depended on structured coordination,
transparent alignment with assessment, and clearly defined instructional roles. Course contexts
are described in the methodology section.

Student Survey Results




Table 3 compares pre-semester expectations with post-semester reflections in a large-enrollment

engineering course.

Table 3. Pre- and Post-Semester Student Feedback Summa

Clamibys iy Clea'r, predictable Clear'er grading; exam fairness concerns
grading remain

Feetask g Farly feedback Early feedback valued; late feedback less
impactful

Enga'g.ement Grade-linked interaction | Valued when tied to assessment

activities

TA support Consistent answers Inconsistent experiences

Workload balance | Flexible policies FleX} bility reduced stress and supported
persistence

Students initially emphasized clear grading rules, early feedback, consistent TA support,
assessment-linked activities, and reasonable flexibility. By the end of the semester, grading
clarity and flexibility showed improvement, and early feedback was viewed as helpful when
provided before major exams. Engagement activities were appreciated only when clearly
connected to assessment. However, concerns about exam fairness and inconsistent TA responses
remained. Overall, some instructional goals were recognized by students, but gaps in
communication persisted.

Student-Faculty Alignment Analysis

Table 4. Student—Faculty Alignment Matrix

Faculty-Reported Intent | Pre-Semester Student | Post-Semester Student
Instructional Domain Alignment Summary
(Interviews) Expectations Experience
Short activities, polls, in- . o Activities valued when
.| Want interaction if tied to _—
Classroom engagement | class problems to sustain ' clearly connected to Partial alignment
) grades or understanding
attention assessments
. . . I ed clarity, but
Clear rubrics, consistency | Strong expectation for Tproved ¢ mt.‘v ! A
Grading transparency . i . concems remain for Partial alignment
across TAs, fairness predictable grading rules
EXAMMS
. Feedback valued wh
Feedback and Fast feedback via Expect timely feedback eedback vafued when L
. , . . early: late feedback less Partial alignment
turnaround antomation or TA grading | to adjust study strategies useful
Inconsistencies noted
Weekly meetings, shared | Expect consistent grading _—
TA coordination Y B, 12 pec BIACINB | across sections in some Partial alignment
rubrics, task delegation and responses
COLFSES
TR R Tools to scale Ig,rm_iing Expe.ct tools to simplify | Positive when tools were Partial alienment
and communication learning, not add burden | stable and purpose clear &
R T Rl Ea.rly_ alerts, extensions, Exp-eu.ft.ﬂexlbillr}' and Strong appreciation for -
referrals to support recognition of workload early outreach and High alignment
well-being . .
SEIVICEs stress flexibility

Table 4 presents the student—faculty alignment matrix, summarizing the relationship between



faculty instructional intentions and students’ pre- and post-semester experiences across major
instructional domains.

Overall, alignment was partial across most domains. However, student responses show that these
efforts were perceived as effective only when implementation was consistent and clearly linked
to assessment outcomes. For instance, engagement activities were positively evaluated when
directly connected to graded components. In contrast, TA coordination and grading consistency
remained concerns despite reported standardization efforts. The strongest alignment appeared in
student support, where early outreach and workload flexibility were clearly recognized by
students. These findings suggest that consistency and visibility of implementation strongly
influence student perceptions in large-enrollment courses.

We further examined TA coordination patterns across courses and found that clear task
allocation, shared grading rubrics, and regular team meetings were associated with improved
student perceptions of grading fairness, although maintaining consistency under time constraints
remained a challenge. Based on these observations, this study provides practical and lightweight
implementation tools to support large-course instruction. These include a student mental health
survey instrument (Appendix A), a structured TA coordination guide (Appendix B), and optional
early-alert criteria for non-anonymous course contexts (Appendix C). Rather than ranking
instructional strategies, the framework helps instructors identify potential misalignment during
the semester and conduct early alignment checks without increasing workload. These resources
are designed to integrate with existing course structures and support continuous improvement in
large-enrollment engineering courses.

Limitations

This study has several limitations. First, the framework relies primarily on self-reported faculty
interviews and student surveys. While appropriate for examining expectations and perceived
alignment, the analysis is descriptive and exploratory. It does not establish causal relationships
between instructional strategies and learning outcomes. Future research could incorporate
quantitative approaches, such as statistical testing of pre—post differences, subgroup
comparisons, or regression analysis, to strengthen empirical validation.

Second, teaching assistants were not interviewed directly. TA-related practices were examined
through faculty interviews because course coordination, grading policies, and instructional
structures are typically designed and supervised by faculty. However, TAs interact frequently
with students in large courses and may offer additional insight into implementation-level
challenges. Future studies should include TA perspectives to provide a more comprehensive
view of instructional alignment.

Third, although participating faculty represented different disciplines, course sizes, and levels of
teaching experience, the study was conducted at a single institution. In addition, formal academic
achievement indicators (e.g., GPA) and detailed subgroup information, such as academic year or
prior preparation level, were not collected. As a result, the analysis does not examine how
alignment perceptions vary across different student populations. It is possible that students with
different levels of preparation interpret instructional practices differently. Future research should



extend the framework across multiple institutions and incorporate subgroup-level analysis to
examine whether alignment patterns differ systematically by course size or student population.

Finally, even when evidence-based teaching strategies are adopted, gaps may remain between
instructional intentions and student experiences. Some of these gaps may reflect structural
constraints inherent to large-enrollment courses. Future studies could combine classroom
observation or learning analytics with self-reported data to enable triangulation and further
strengthen the framework.

Conclusions

This study presents a structured framework to measure how alignment between instructor
teaching intentions and student expectations evolves over time in large engineering courses. By
combining faculty interviews with student survey data, the framework identifies which
instructional strategies function effectively in large-class settings. The alignment matrix, TA
calibration checklist, and early alert communication template provide practical tools that improve
coordination, grading transparency, and timely student support without requiring additional
resources.

Although limited to a specific institutional context, the framework offers a clear and adaptable
model that can be extended through learning analytics, classroom observations, or assessment
outcomes. This structured approach enables instructors to refine large-course teaching practices
across semesters based on systematic feedback rather than informal adjustments.
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APPENDICES
Appendix A

Student mental health survey forms

This appendix presents a brief, reusable survey instrument used to monitor student mental health
indicators and course experience in large-enrollment engineering courses. The instrument is
designed for weekly deployment and requires approximately one minute to complete.

Purpose
The purpose of this check-in is to obtain a rapid snapshot of student energy level, perceived

course pace, and topic confidence, and to identify emerging support needs early in the semester.

Survey Items
1. Energy Level: How is your energy today?

Very high © High @ Neutral (& Low Very low

2. Perceived Course Pace: How does the course pace feel this week?

& Too fast (©) Justright §® Too slow

3. Topic Confidence: How confident do you feel about this week’s topic?
5-point Likert scale ranging from Very low to Very high

4. Requested Support: What do you need from the teaching team this week? (Select all that
apply)

[] One-on-one office hour [] More worked examples [ ] Slow down the pace

[ ] Speed up the pace [] Project clarification [] Note-taking strategies

[_] Help finding a study group [_] Other (free response)

5. Open Comment (Optional): Anything else you would like us to know?

Deployment

The survey may be posted weekly using a learning management system (e.g., Moodle), online
survey tools (e.g., Google Forms), or in-class response platforms. The instrument is anonymous
by default. An optional contact code (e.g., initials plus a short numeric identifier) may be
included only when follow-up outreach is planned.

Data Encoding and Reporting

Responses to Items 1-3 are mapped to a 5-point numeric scale for analysis. For each week, the
following metrics are computed:



e Mean score for energy, pace, and confidence
e Percentage of responses in the bottom two categories

If the percentage of responses in the bottom two categories for energy or confidence exceeds 35
percent in each week, the instructional team issues a short course announcement and provides
additional review or support resources.

Appendix B
Teaching Assistant Coordination and Support Guide

Purpose: This appendix outlines a structured TA coordination framework designed to ensure
grading consistency, efficient student support, and predictable communication in large courses.

TA Roles and Responsibilities: A weekly Lead TA rotation is used.

Lead TA (weekly): Sets the agenda for the TA coordination meeting. Maintains grading rubrics
and task boards. Tracks deadlines and identifies risks that require instructor attention.

Grading TAs: Apply the approved rubric consistently. Conduct sample audits of at least 10
percent of assigned grading. Report unclears rubric items to the Lead TA.

Office Hours TAs: Run office hours using a five-minute triage rule. Log common questions and
misconceptions. Share brief notes after each office hours block.

Forum TA: Triages questions on Piazza or Discord. Merges duplicate posts and maintain the
FAQ. Tags posts by topic and instructional week.

Lab or Review TA: Leads weekly practice or review sessions. Collects student muddy points
and reports trends to the instructor.

Service Targets
e Forum responses within 24 hours on weekdays and 48 hours on weekends.
e Regrade decisions returned within five days.
e Office hours queue time no longer than ten minutes.

Weekly Coordination Schedule

Monday: 30-minute TA coordination meeting.

Wednesday: 15-minute rubric calibration session.

Friday: Short early signal check focused on missed work, low quiz scores, or repeated forum
flags.

Rubric Calibration Process
Double grade a 10 percent sample. Discuss grading gaps and interpretation differences. Update
rubric text and examples as needed. Proceed to full grading only after agreement is reached.

Office Hours Standard Operating Procedure

Use an intake sheet at entry. Apply color tags for concept questions, practice questions, and
grading questions. Follow a 5-minute rotation rule. Encourage peer assistance after initial
guidance.



Academic Integrity
Review the academic integrity policy before each assessment. Use secure testing when required.
Require a regrade form with written justification. Document incidents in a shared TA log.

Accessibility and Accommodations
Implement DRC letters as specified. Adjust timing or provide quiet rooms when required.
Provide captioned videos and alternative formats for course materials.

Communication Templates

Welcome message (Week 1)

Explains where to ask questions, office hours schedules, and how to prepare.

Early alert message

Sent when a student misses two or more items or scores below 60 percent on two quizzes.
Includes support options such as office hours, review videos, and practice sets.
Encouragement message

Sent after the midterm to acknowledge progress and outline next steps.

Escalation Protocol

Safety or well-being concerns are reported to the instructor and campus CARE resources.
Repeated academic misconduct is escalated to the instructor and department.

Appendix C
Early-Alert Heuristics (optional if not anonymous)
This appendix describes optional early-alert criteria used when student identity is available.

Flag a student for gentle outreach if any two hold in the same week:
e Missed >1 assignment and last quiz <60%
e Two consecutive low-energy or low-confidence responses
e Zero forum activity and no office hour visits

Standardized Outreach Message

“We noticed you may be experiencing difficulty. Here are three quick options to help you get
back on track:

(1) a 15-minute office hour slot,

(2) a two-page set of worked examples, or

(3) a short practice problem set.

Please reply with 1, 2, or 3.”



