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A Standardized Methodology for Evaluating a Digital Badging System 

Abstract: Digital badges, a form of micro-credentials, have grown in popularity over the 
past decade. However, few standard processes exist to assess the potential of digital badging 
systems within an organization. This study proposes a generalizable methodology for comparing 
a badging system with other methods of recording skills and competencies. The experimental 
design is tested using the military's cyber operations community as the target organization. 
Finally, mixed-method data from thirty-six participants is analyzed in accordance with the 
methodology. Based on the results, digital badging systems are perceived to be more valuable 
and usable than a current method of military talent management. This approach supports efforts 
to enhance formal and informal learning, competency-based learning, granular decision-making, 
and to build trustworthy systems of record.  

Keywords: Digital Badges, Competency-Based Learning, Methodology, Talent Management 

Background 

Academic institutions and military organizations have expressed interest in digital 
credentials as a means of recognizing achievement and competency (Chan, 2023; Patel, 2023; L. 
Facey-Shaw et al., 2018; Education and Training Command, 2023). However, few studies 
formally evaluate the value associated with this technology. The current research lacks a 
standardized process for assessing the potential of digital badging within an organization. This 
research outlines a novel methodology, based upon a systematic review of the literature, to 
evaluate a digital badging system aimed at improving talent management outcomes within the 
military learning community. This methodology describes a repeatable process for comparing a 
system against other methods of recording skills and competencies. It details the design of a 
prototype digital badging system with military-specific requirements to compare against current 
Department of Defense (DoD) talent management practices and an industry-standard 
credentialing system. This research proposes potential use cases for digital badging in a military 
context, especially in their connection to aligning DoD Cyber Workforce Framework (DCWF) 
roles to cyber competencies, as an example for how the technology can be used (Department of 
Defense, 2023). This approach supports efforts to enhance force development and formal and 
informal learning, especially as large language models (LLMs) increasingly influence learning 
environments (AFIT Faculty Learning Community, 2025). Badges could potentially provide 
educators with a trustworthy method of attesting competency. The ability of service members 
and veterans to represent their skills within the military and in civilian careers is shown through 
this research’s proposed use cases for digital badging. While this study was driven by military 
need, the approach and process are generalizable and therefore may be applicable to non-military 
organizations. 

Purpose 

 



This research supports DoD priorities by investigating potential improvements for talent 
management, increasing operational effectiveness. By working with the sponsor of this study, Air 
Education and Training Command’s Learning Professionals Branch (AETC/A3JB), this research 
is designed to benefit the joint military community by improving how the military develops and 
manages its members. As shown through efforts to bolster implementation of the DoD Cyber 
Workforce Framework and the recent addition of Air Force Cyber Warrant Officers, a prime 
example of the need to manage highly technical positions is the Air and Space Force Cyber 
community (Defense, 2023; Air Force Public Affairs, 2024). This project’s methodology leads to 
recommendations that answer the following research question (RQ): 

RQ1: What is the value proposition of digital badges in the military? 

 

Figure 1. This figure illustrates the research methodology. The methodology starts from 
the upper left and proceeds sequentially following the arrows. Orange rectangles represent major 
milestones with supportive green rectangle sub-tasks. Blue rectangles represent intermediate 
objectives. Purple circles represent the start and end of the research.  

The graphic in Figure 1 shows the overall methodology of this research. Beginning at the 
upper left corner of the diagram, the ``Define'' item represents the clarification of the purpose, 
scope, and objectives of this research. The researchers define the problem domain of this 
research as military talent management, with digital badges (or micro-credentials) as the 
proposed solution. From this scope, this study reviews the literature on digital badges, their uses, 
and perspectives. 



Table 1. Addressing Gaps in the Research 

Gap Addresses Gap 
Gap 1: An incomplete value proposition for 
military use of digital badges. 

Prototype that can be tested for perceived 
value and allows accurate and realistic 
evaluation of digital badging against other 
talent management methods.  

Gap 2: Lack of design guidance for digital 
badging systems for military use. 
 

Prototype can be tested for usability and can 
receive feedback on usability and design 
principles. 

Gap 3: A lack of demonstrable military micro-
credentialing systems. 

Prototype can be shown as a proof of concept 
for digital badging, supported by codified use 
cases. 

Gap 4: Lack of codified use cases for a digital 
badging system in the military. 

Codified use cases for a digital badging 
system are presented to and evaluated by 
service members. 

 

Through a synthesis of the literature, researchers find how badging has been successfully 
implemented in various ways in industry and education (Čubrić and Čubrić, 2016; L. Facey-
Shaw et al., 2018; J. Fanfarelli and McDaniel, 2015; Falkner and Falkner, 2014; Fischer and 
Stabauer, 2022; Lim et al,. 2018; McDaniel, 2016; Menasalvas et al., 2019; Pitt et al., 2019; 
Rughinis, 2013; Shahriar et al., 2016). However, the value proposition of badging in a military 
context has yet to be fully explored. Researchers synthesize the gaps in Table 1, and address 
them through this research, beginning with a description of the badging prototype design in the 
next section. 

Methodology 

To compare digital badging to other methods of recording skills and competencies, 
researchers design a digital badging system prototype. Through a review of the literature and 
market research on commercial credentialing systems, this team revealed several gaps that make 
the creation of a military-centered digital badging system desired (Accredible, personal 
communication, May 20, 2024; Credly, personal communication, May 20, 2024; Instructure, 
personal communication, May 16, 2024; Sertifier, personal communication, May 14, 2024; 
Verified Ed, personal communication, May 16, 2024; Virtual Badge, personal communication, 
May 16, 2024). Commercial digital badging systems primarily target civilian organizations 
interested in growth, engagement, and earner retention and motivation (J. Fanfarelli and 
McDaniel, 2015; Gregg et al., 2022; Urfan et al., 2022; Wallis and Martinez, 2013). While these 
benefits of digital badges are notable, the potential use cases for a military digital badging system 
may differ from those of a commercial company. The military may be less interested in the user 
engagement digital badges bring, as military organizations may choose to focus on the granular 



data that enables talent management. Retention and engagement is not an issue, as military 
members are not being recruited through badging platforms. Instead, identifying member 
competencies through aggregate badging data could enable more effective talent placement 
decisions. 

Using a User-Centered Design (UCD) process, researchers work in partnership with 
AETC/A3JB and a User Interface/User Experience (UI/UX) design team to create a prototype 
digital badging system, named the Digital Badge Credentialing Service (DBCS) that can convey 
potential military-specific digital badging use cases, filling a gap in the existing research. These 
use cases show the value of digital badges for military application and enable evaluation of 
digital badging as a method for recording skills and competencies. 

To answer the research questions, this experiment uses a mixed-methods approach. 
Researchers gather quantitative data from questionnaires to assess scale, then examine the deeper 
reasoning behind survey responses in an interview yielding qualitative data. Researchers recruit 
participants for this experiment with the following criteria: 

Researchers recruit participants for this experiment with the following criteria: 

a) The subject population includes military members, government civilians, and contractors. 

b) The researchers make a special effort to recruit subjects within or related to the cyber 
career field. 

c) The researchers may recruit people with cyber experience from non-DoD organizations 
based on availability. 

The recruitment locations are military organizations. The participants are recruited through 
email and in-person contact. Participants agree to be part of the experiment, and a meeting is 
arranged. The experiment occurs over Microsoft Teams, using Teams’ recording transcript 
feature for the interview. After the experiment begins, the protocol in Figure 2 is followed: 

 

Figure 2. Experiment protocol, showing the flow of an hour-long interview with participants to 
answer the research questions. Blue rectangles represent major sections of the experiment. 
Yellow rectangles represent surveys, green rectangles represent supportive sub-items, and red 



rectangles are other assessments besides surveys. Purple circles mark the start and end of the 
experiment. 

The estimated time for this protocol is one hour per participant. Researchers replicate this 
experiment for 36 replicates to perform sufficient statistical analysis. Beginning at the start of 
Figure 2, the participant is explained the overview and purpose of the study. The researchers then 
review an Informed Consent Document with the participant in accordance with the Institutional 
Review Board (IRB) exemption approved for this study. The experiment is voluntary, and 
participants give their consent to record the interview portion of the video call. 

After the introduction, the participants are shown three different methods of recording 
skills and competencies. Participants will interact with the methods referenced in Table 2 and 
complete a questionnaire after interacting with each method. A potential nuisance factor for this 
experiment is survey fatigue, which occurs when participants begin to lose interest in answering 
repeated survey questions. Survey fatigue is a known, yet uncontrollable, nuisance factor, so a 
Completely Randomized Design (CRD) is employed (Montgomery, 2017). The use of a CRD 
controls for potential survey fatigue. The researchers run a Python script prior to each interview, 
generating the randomly generated control number for each participant and the order each 
individual participant views the methods. The methods are described in Table 2. 

Table 2. This table displays the three methods participants are shown for the A/B/C test of this 
experiment, including how each method is presented to participants. These methods are 
presented to participants in a randomly generated order. 

Method Description Presentation to Participants 
Method A: 
Current Practice 
(SEI) 

A traditional method of talent 
management. Special Experience 
Identifiers (SEIs) record a certain 
experience or training an individual has 
received experience (Department of the 
Air Force, 2024). This method is a 
legacy system and relies on pre-defined 
codes. 

Screenshared with 
participants, showing SEI 
codes and describing relevant 
use cases. 

Method B: 
Industry-
Standard Digital 
Badging System 

Commercially developed badging 
platform. In coordination with the 
company and the IRB, the specific 
product name is not released to 
participants or in this research.   

Screenshared with 
participants, showing 
screenshots of the user 
walkthroughs of the product. 

Method C: 
Digital Badge 
Credentialing 
Service (DBCS) 

A custom digital badging system built 
for military use with AETC 
requirements to record KSATs. 

Participants are shown a video 
of the full DBCS prototype, 
then are sent a link to interact 



directly with the Figma 
wireframe prototype feature. 

 

Special Experience Identifiers (SEIs), Method A for this research, are a current method 
the Air Force uses for talent management. SEIs are three-character alpha-numeric codes and used 
to document a specific training or experience. For example, a cyber officer who has a role as a 
Basic Joint Targeting Analyst and has completed the training as specified by the 
USCYBERCOM/NSA Job Qualification Requirement, would get the SEI ‘O6S,’ for ’Basic Joint 
Targeting Analyst’ (Air Force, 2024). Personnelists can use SEIs to track experience and fill 
billets that require that specific experience (Department of the Air Force, 2024). Participants are 
shown the source document for SEIs, the Air Force Officer Classification Document (AFOCD), 
an Airman’s Department of the Air Force Learning Record (DAFRL) profile with an SEI, and a 
comparison of SEIs to digital badging systems. A commercial company developing a digital 
badging system for government use is also shown to participants. This Industry-Standard Digital 
Badging System, Method B in this research, allows for direct comparison against the DBCS and 
allows participants to view another example of the capabilities of digital badges. 

After the participants interact with the first method for their randomly generated order, 
they are sent a link to a questionnaire on Microsoft Forms. The questionnaires given after each 
method include a custom 5-point Likert questionnaire that tests for perceived value, and 
questions adapted from the System Usability Score (SUS) and Usability Metric for User 
Experience (UMUX) to test for usability (Lewis, 2018; Lewis et al., 2013). The SUS was 
considered for this experiment because of its reputation in the UX industry and validation by 
other researchers, but the 10 questions per questionnaire, multiplied by three methods, would 
have resulted in a burden of 30 questions per participant on usability (Drew et al., 2018; Lewi,s 
2018). Therefore, a modified questionnaire is used, using only three questions adopted from the 
SUS and UMEX. The three usability questions are chosen to represent a wide selection of UX 
aspects, including user satisfaction, ease of use, and learnability (Lewis, 2018). The perceived 
value questionnaire is adopted from the use cases developed for the DBCS and has 4 questions. 
The breakdown of the number of questionnaire questions is shown in Table 3.  

Table 3: Breakdown of the number of questionnaire questions in the experiment. 

Questionnaire Details 
Method Questionnaire (7 total) 4 perceived value questions, 3 usability 

questions 
Use Cases Questionnaire (9 total) 9 use case importance questions 
Demographic Questionnaire (4 total 4 demographic questions 

 

After completing the first method (A, B, or C) demonstration and questionnaire, the 
participants repeat the same steps for the next two methods. After all methods are presented and 



all Method Questionnaires are complete, the researchers send the participant a Use Cases 
Questionnaire. The questionnaire asks participants to rate, on a 5-point Likert scale, how 
important they rate the functionality described in the codified military badging use cases. 

Immediately following the participant’s completion of the final questionnaire, a semi-
structured interview is conducted to explore the reasoning behind participants’ questionnaire 
responses. Using a flexible interview protocol, the researchers focus on responses to Use Case 
Questionnaire questions (questions 1-3) and Method Questionnaire questions (questions 3, 6). 
Additional questions to discuss are chosen based on criteria such as extreme ratings, 
inconsistencies, or relevance. Participants are asked to elaborate on their answers to provide 
context and examples to clarify their reasoning. Interviews are recorded, transcribed, and coded 
to identify themes. The interview protocol is listed in Table 4.  

Table 4. The interview protocol researchers follow for each participant, ensuring each interview 
is generally consistent across participants. This is used to gather deeper insights from participants 
based on their responses in the questionnaires. 

Section Details 
Introduction Explain the purpose of the interview: “To gain a deeper understanding 

of participant’s answers.” Researchers ask for consent to record the 
interview. 

Focused Responses Use Cases Questionnaire Questions 1-3: Discuss the importance of 
use cases. 
Method Questionnaire Question 3: Discuss method’s value to the 
service. 
Method Questionnaire Question 6: Discuss the usability of each 
method. 

Targeted Question 
Criteria 

Follow up on abnormal responses or topics of particular relevance to 
the research topic. 

 

After the interview, researchers ask for feedback to the experiment protocol, re-inform 
them of their rights under the IRB, and thank participants for their time. Participants take a final 
Demographics Questionnaire as the interview concludes. Collected data is analyzed using the 
methods described in the next section. 

Results and Analysis 

Using the methodology described, this research conducts 37 interview sessions. Of note, 
one interview is completed with 4 participants at once in order to meet their scheduling 
constraints. Additionally, one interview is conducted after qualitative analysis is completed, so 
only the interview portion of that session is included in this paper, bringing the total to 37 



qualitative responses and 36 quantitative responses. The 37th interview is included due to the 
unique perspective of the participant's Air Force cyber assignment management experience.  

The sessions provide unique insight into the perspectives of the service members, 
government civilians, and contractors interviewed regarding digital badging’s incorporation into 
military processes. The following sections discuss the quantitative data captured, followed by 
more perspectives on those findings in the form of qualitative data. Statistical tests and 
qualitative analysis are performed on the data collected to answer these research questions. There 
are three major datasets: the Method Questionnaires, the Final Questionnaires, and the interview 
transcripts. The Method Questionnaires are analyzed first, followed by the Use Cases 
Questionnaires and interview transcripts. The demographic data collected in the Demographic 
Questionnaires is used throughout this paper. Finally, the results are discussed further, tying back 
into the RQ.  

First, the systems are compared for value and usability. To discover if there is any 
difference in perceived value and usability between any of the methods, the Kruskal-Wallis test 
is used. One-way ANOVA would normally be the correct test to compare a response and one 
factor with three different levels, however the categorical data collected results in non-normal 
distributions and a potential lack of homogeneity, violating two out of three of the assumptions 
of ANOVA (Montgomery 2017). Therefore, the Kruskal-Wallis test is used to answer the RQ. 
Kruskal-Wallis is well suited to the 5-point Likert scale data collected. Pairwise tests are also 
conducted to find if there are differences between specific methods. The 𝛼= 0.05 for all tests and 
the hypotheses for these tests are as shown in Table 5. These hypotheses, 𝛼 value, and rejection 
criteria are used throughout this paper for all tests. First, Kruskal-Wallis is performed on the 
perceived value questions. The results of the Kruskal-Wallis test are shown in Table 6.  

Table 5. Null and Alternative Hypotheses. 

Null Hypothesis(𝐻଴) The responses are comparable across levels of the factor. 

Alternative Hypothesis (𝐻ଵ) The responses are not comparable across levels of the factor. 

 

α = 0.05 

Reject the null hypothesis (H0) if p < α 

Fail to reject the null hypothesis if p ≥ α 

Table 6. Chi Square Approximation using Kruskal-Wallis on Perceived Value and 
Usability Scores 

Measure χ² Probability > χ² (p-Value) 

Perceived 
Value 

90.4593 <0.0001 



Usability 98.0463 < 0.0001 

As seen in Table 6, the p-Values listed are all less than the 𝛼 of 0.05. Therefore, the null 
hypothesis that the responses are comparable across all levels of the factor is rejected. To 
determine where the differences between the methods, pairwise testing is done using the 
nonparametric Steel-Dwass test (InfluentialPoints, n.d.). 

Table 7. Nonparametric Comparisons for All Pairs Using Steel-Dwass Method on Perceived 
Value and Usability Scores. 

Level -Level Score Mean Difference (p-Value) 
Perceived Value 

C A 84.40278 (< .0001) 
B A 61.93056 (< .0001) 
C B 28.44444 (0.0048) 

Usability 
C A 75.84259 (< .0001) 
B A 58.06481 (< .0001) 
C B 24.35185 (0.0070) 

Table 7 shows the test results on perceived value and usability of the three methods, A, B, 
and C, using the Steel-Dwass test. The three methods are compared as levels against each other 
in pairs. The same null and alternative hypotheses from Table 5 continue to these tests, the 
difference being that the responses of only two levels (methods) out of A, B, or C are being 
compared at once. 

For the tests on perceived value, the p-Values for comparing both B and C to A are all <
.0001. Because they are compared to 𝛼 = 0.05, and 0.05 > 0.0001, this study rejects the null 
hypothesis that the responses of the perceived value scores are comparable for B to A and C to A. 
There was a statistically significant difference between A and B and A and C. Using the Score 
Mean Differences provided, the Industry-Standard Digital Badging System (B) was perceived as 
more valuable compared to SEIs (A), and the DBCS (C) was also perceived as more valuable as 
compared to SEIs (A). That the two badging systems were perceived as more valuable can be 
suggested due to standard practices in nonparametric statistics. A positive Score Mean Difference 
suggests that the “Level” group received higher scores on perceived value than the “-Level” 
group (Washington, n.d.). Therefore, the Industry-Standard Digital Badging System (B) and the 
DBCS (C) are both perceived to be more valuable than SEIs (A). Additionally, the p-Value for 
the test between B and C is 0.0048, which is less than the 𝛼. Using the positive Score Mean 
Difference, this suggests that the DBCS is perceived as more valuable than the Industry-
Standard. 

Similar results are discovered for usability. Using the p-Values in Table 7 and 𝛼 = 0.05, 
the null hypothesis is rejected for all tests. Method C is suggested to be more usable than Method 
A or B, and Method B is suggested to be more usable than Method A. Overall, digital badging 



systems fare well in these tests, and participants find them more valuable and usable than the 
current method. 

It is important to note the reasoning behind why participants rate the two badging systems 
the way they do in this study. While the questionnaire responses show a slight preference for the 
DBCS, individual feedback reflects many positive aspects of the Industry-Standard, including a 
single-screen view of badge criteria and evidence for review, an “intuitive and user-friendly 
design," a well-organized layout, and the wallet feature. However, one feature that stands out in 
the DBCS were consumer-focused dashboards. The closest idea participants see in the Industry-
Standard system is an “Organization Admin dashboard." While seeing badge issuance data is 
important, a more critical feature for consumers and decision-makers may be the ability to view 
badge holder data and make informed decisions based on that information. Participants 
appreciate dashboards in the DBCS that show conceptual mock-ups of skill gap analysis and 
“mission readiness vs actual readiness.” Additionally, while neither system has this functionality 
displayed, a top priority feature participants mentioned was the ability to search, filter, and 
quickly find member badges and skill-sets. For example, “we need to find a person with X 
certification or skill - how do we do that quickly with this system?" 

Other elements that participants appreciate about the DBCS include earning criteria 
related to the DoD cyber workforce (appealing to the sample population). They also appreciate 
the badge creation design. While the Industry-Standard features a clean layout, the more 
“certificate" layout and design was less appealing to certain users. The DBCS looks more akin to 
a classic badging system, with a crest-like badge design creator and badges. Participants also like 
the idea of “recommended badges" for participants in the DBCS based on badges they’ve already 
earned or their interests. Both systems have aspects of their UI/UX that participants appreciated. 
Some features that participants discuss are color schemes and simplicity. Interestingly, many 
participants mention they like the color schemes, layouts, or simplicity of the Industry-Standard, 
and others have the same comments for the DBCS. Some participants like the more block-like 
and colorful feel of the DBCS, and some like the more straightforward feel of the Industry-
Standard. This suggests that these preferences may be subjective and would require large scale 
testing to suggest that one of these elements is universally better than another. 

The Method Questionnaire questions are created specifically for this experiment. To 
ensure that the groups of Method Questionnaire questions (1-4) and (5-7) test for the same 
response variable, their internal consistency is evaluated using Cronbach’s Alpha.  

Equation 1: α =
୒ୡ

୴ା(୒ିଵ)ୡ
 

Equation 1 is used to calculate the coefficient of consistency, using 𝑁 as the number of 
items, 𝑐 as the average inter-item covariance among the questions, and 𝑣 as the average variance. 
As the average inter-item correlation increases, signifying a consistent response, Cronbach’s 
Alpha increases (Digital Research and Education, n.d.). The output of this equation is the 



reliability coefficient which suggests the level of internal consistency among the two groups of 
questions; a reliability coefficient of greater than or equal to 0.70 is broadly considered the 
acceptable standard (Digital Research and Education, n.d.). Using questionnaire data formatted 
for multivariate testing, the four perceived value questions and three usability questions are 
combined and assessed for consistency in Table 8. The Cronbach’s Alpha for both sets of 
questions return higher than 0.70, validating the internal consistency of the question sets. 

Table 8. Cronbach's Alpha for Usability and Perceived Value 

Measure Cronbach’s Alpha 
Usability 0.8790 
Perceived Value  0.8627 

 

To better assess the value proposition of digital badging for use in military talent 
management, codified use cases are created for this paper. These enable study participants, and 
the Service at large, to better understand how this technology can be used. These use cases are a 
novel introduction to military badging research. The specific use cases are shown below, 
enumerated 1-9. To gauge participant feedback on these use cases, they are placed in the Final 
Questionnaire. Participants are asked to rate how important they believe the functionality each 
use case would be. To whom it is important to – the Service, themselves, etc. – is intentionally 
left blank, and elaborated upon in the interview. The results of the Final Questionnaire are 5-
point Likert scale data ranging from Strongly Disagree (1) to Strongly Agree (5). To analyze the 
results of the use cases data, descriptive statistics are calculated to show how important the 
participants found each use case to be. The use cases are ranked based on their means to give an 
estimate for how important each functionality was perceived by the participants. While means 
can provide issues for statistical tests with nominal Likert scale data, the rank order of the means 
provides a way to show the order in which participants thought the use cases are important 
(Montgomery 2017). 

Table 9. Rank order of use case functionality importance based on participant responses. 
The Rank column shows the rank order of the use cases, summarized in the middle column. The 
sorted means are shown to the right, along with the corresponding variances. 

Rank Use Case Summary Mean Variance 

1 Decision-maker uses badges to find qualified personnel 4.53 0.37 

2 Collaboration across units using badges to create cross-
functional teams 

4.44 0.43 

3 Cross-functional skills and informal learning recognized for 
eligibility 

4.33 0.74 



4 Identify skill gaps and adjust training or personnel accordingly 4.31 0.39 

5 Incentivize technical learning with badges for career growth 4.19 0.96 

6 Service member records skills for transition to second career 4.17 0.49 

7 Service member records skills to represent themselves to 
leadership 

4.14 1.04 

8 Track progress toward badges with feedback for development 4.06 0.63 

9 Personalized training recommendations and mentorship 
alignment 

4.00 0.97 

 

Table 9 shows that using badges to find qualified personnel for a technical assignment 
receives the highest responses from participants. This correlates with participant responses in the 
interviews. Using badges to create teams and recognize informal learning are also ranked highly 
by participants. Participants rank using badges to track feedback or as personalized 
recommendations for mentorship as the least important use cases. 

To discover potential correlations between participants’ responses and their prior 
experiences, the Wilcoxon/Kruskal-Wallis test is conducted on all of the tests described in this 
study. The Demographic Questionnaire collects data on rank, career field, prior experience with 
digital badges, and prior talent management experience. Using an 𝛼 of 0.05, no correlation is 
found between responses and any demographic information. 

Finally, interviews with participants are transcribed, summarized, and coded for key 
points. These annotated transcripts are emailed to participants after the experiment. Participants 
validate the accuracy and interpretation of the transcripts. Researchers then compile the codified 
key points and sort into thematic groups (Pan et al. 2024). These thematic groups are shown in 
the codebook in Table 10. 

Theme Definition 

Finding Qualified People Digital badges could improve assignment matching and 
expedite talent identification, as long as there are clear 
position requirements. 

Skill Gaps Participants see potential in badges for skill gap analysis, 
especially in large teams or during leadership transitions, but 
emphasize the need for widespread adoption. 



Member Representation Badges provide a more objective and verifiable way to 
represent skills. Their effectiveness for transitioning to a 
civilian career depends on universal recognition. 

SEIs vs Digital Badging 
Systems 

SEIs are perceived as outdated and under used, yet still 
relevant in some contexts. Digital badges offer needed 
granularity in tracking achievement. 

Design Elements Participants appreciate consumer-focused dashboards and 
recommended badge pathways. They encourage system 
simplicity and additional features like mobile applications 
and onboarding tutorials. 

Implementation Guidance Concerns include keeping track of another system and 
system findability. Participants recommend integration with 
existing platforms, tiered badge structures, review 
workflows, calculating system burden, and effective 
messaging. 

Badge Assessments Participants mention concerns over “cheap" badges diluting 
value, leading to “badge collectors," and failing to reflect 
actual skills. Badges need effective assessments. Finally, a 
lack of a badge does not necessarily mean lack of a skill. 

Applicability to Cyber 
Community 

Digital badging aligns well with the diverse skillsets and 
evolving requirements of cyber operations. 

 

Table 10 provides insight into participant perspectives of digital badging. The themes 
discussed in the interview reflect the positions of the thirty-seven participants, who generally 
respond positively to questions about the value proposition of badges in the military and their 
potential use cases. Participants appreciate the granularity, speed, objectivity, and trust badges 
offer. Many participants believe digital badging could improve an organization’s talent 
management position matching. However, some participants warn of limitations and advise 
caution when exploring badging’s potential use cases. Badging systems require effective means 
of assessment and must consider the potential burdens of cost and time to service members. 

Conclusion 

This research investigates the value proposition of a digital badging system prototype as a 
means for the military to record and represent service member achievement. This experimental 
design fills gaps in the research. A novel methodology for evaluating a digital badging system is 



proposed and an experiment is conducted using that methodology. Finally, the results of the 
experiment are shown and discussed, in relation to the research question:  

RQ: What is the value proposition of digital badges in the military? 

The results of the experiment suggest that digital badging could benefit military talent 
management processes and provide helpful, granular data for decision-makers. Digital badging 
systems are seen as more valuable and usable compared to traditional methods of talent 
management. Use cases specify how digital badging might be used, and participant feedback 
suggests that the use cases are valid propositions for how badging can work in the military. 
Overall, participant feedback suggests a growing demand for digital badging technology in the 
Service. 

Despite this feedback, this study has limitations in the sample of participants and the 
medium through which participants interacted with the methods. More experienced participants 
in talent management would improve the reputability of this work. Additionally, allowing 
participants to use the methods in longer and in-depth ways would help solidify their opinions of 
the methods. Due to the scope of this RQ, future research is needed to fully explore the question 
of value. A fully functioning military badging system including developing algorithms, search 
and filtering features, Personalized Learning Paths, and implementation with other enterprise 
services is needed to understand the practical value of badging. A holistic understanding of the 
costs, benefits, and challenges will further progress the state of the art. Finally, using digital 
badges as trustworthy records of accomplishment in LLM learning environments should be 
further explored. 
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